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Hundreds of tools



  

160 140

Human cost



  

Can our systems help us think?



  

Scripts Automation Cognition Understanding

Playbooks
Runbooks

Automation
Standardization

Agents
Reasoning
Context awareness

<thinking> To analyze the 
metrics seen in the Grafana 
dashboard, I need to use the 
`image_reader` tool to 
extract information from the 
image. This will allow me to 
identify the metrics, their 
values, and any anomalies or 
patterns that may be 
present. </thinking>



  

Scripts Cognition



  

Agenda
● Data
● Reasoning
● Co-operation
● Evaluation
● Future



  

Before: Institutional knowledge

https://wikitech.wikimedia.org/wiki/Monitoring/EdgeTrafficDrop https://wikitech.wikimedia.org/wiki/Monitoring/root_disk_space



  

Before: Fragmented interfaces



  

Consequence

Time goes to navigation, not reasoning.

Percentage of MTTR

Navigation Reasoning Action



  

Tribal expertise

Institutional knowledge Inaccessible content



  

The Scaling problem



  

What we need
One-ask fan-out: from a single prompt, hit 
dashboards to gather metrics, search logs, relevant 
tickets and runbooks, and return a ranked 
hypothesis list with links.

Auto-context card. From the alert: service, region, 
owner/on-call, last deploy, recent config, flag 
changes, top failing endpoints assembled in < 30s.



  

What we need

Same tools, same handles: MCP tool adapters 
with docs+auth so humans and agent call the 
exact same commands.

Jargon-aware retrieval. An org lexicon + Titan 
embeddings + re-ranker so search understands 
our words.



  

What we need

Guardrails for writes: read-only by default

any change action = dry-run preview + reason + ticket link + human confirm

Agent SLOs:
● <30s to first hypothesis
● >=70% helpful rate
● citation coverage on any claim
● error budget visible next to on-call metrics



  



  

Same handles for humans and the agents
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bookshelf, catalog
of MCP tools



  

topology()

tickets()

runbook()

logs()

metrics()

deployments()

ownership()



  

topology()

tickets()

runbook()

logs()

metrics()

deployments()

ownership()

human

agent

tabular, documents

streams, metrics

apis

from langchain_mcp_adapters.client import MultiServerMCPClient

from strands.tools.mcp import MCPClient



  

Human



  

Agent



  

We didn’t build AI wrappers

we extended our platform to include AI operators



  

topology()

tickets()

runbook()

logs()

metrics()

deployments()

ownership()

human

agent
🔒

IAM role assumed by
the (python) runtime
IAM role assumed by
the (python) runtime

🔒

IAM role assumed by
the user session

Auth



  

Tools Reasoning



  

theory

1)Prompting techniques

2)Knowledge base



  

Prompting techniques

1)Chain-of-thought

2)Plan-and-execute

3)ReAct



  

1. Chain-of-thought



  

2. Plan-and-execute



  

3. ReAct: Reason + Act



  

Knowledge base



  

Building a search index



  

Search in embeddings space



  

Search in embeddings space



  



  

Search term:
“AAA initialization”



  

Search term:
“AAA initialization”

[-0.04430659860372543,
0.016260458156466484,
...
0.017026038840413094]

[10.532652, 8.5348975]



  

Index documents with one call



  

Task decomposition

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights



  

Task decomposition
Gather 

configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights



  

Metrics to insights
Gather 

configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights



  

Metrics to insights
Gather 

configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights

cloudwatch

prometheus Grafana

image-
renderer

topology()

tickets()

runbook()

logs()

metrics()

deployments()

ownership()



  

CSV data vs Image input



  

Evaluation framework



  

Promptfoo

Pros:
● LLM as a judge
● Red team plugins

Cons:
● SqliteDB

Promptfoo: https://www.promptfoo.dev/



  

Benchmark dataset
Assertions:
● Contains expected strings

● ex. drop

● LLM as a judge
● ex. does it identify the drop?



  

Prompt versioning
Benchmark dataset versioning



  

Human feedback
● Agent traces provide explanation of the 

reasoning process
● Confirm hypothesis
● Provide feedback



  

System metrics
● Latency per tool
● Overall task completion
● Requests/s
● Tokens/cost per task
● Error rate



  

Task metrics
● Offline evaluation pass rate
● Human feedback success rate
● Task completion rate
● Human intervention rate



  

Tool metrics
● Tool selection accuracy
● Tool parameter call accuracy
● Tool success rate topology()

tickets()

runbook()

logs()

metrics()

deployments()

ownership()



  

Summary of learnings

Evaluate MeasureVersion



  

The moment of Co-operation



  

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights

Metrics to insights



  

cloudwatch

prometheus Grafana

image-
renderer

metrics()

Traditional inspection

MCP based

Both execute the task 
using the same interface

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights



  

Both reason from the same input

human

agent

I see a drop for 10 
minutes right after 

the deployment

<thinking> To analyze the 
metrics seen in the 
Grafana dashboard, I need 
to use the `image_reader` 
tool to extract 
…
image shows a drop in the 
requests rate for a 
period of 12 minutes
 …
</thinking>

Deployment #424



  

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights

Generate hypotheses



  

It wasn’t automation, it was understanding



  

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights

Generate hypotheses



  

Gather 
configuration

Collect 
knowledge

Generate 
hypotheses

Compare 
hypotheses

Metrics to 
Insights

Get feedback



  

Lesson 1: Evaluation beats intuition

Evaluate
prompts

Collect
feedback

Refine agents
and prompts

Aggregate
results

Deploy &
observe

Increase user
trust and adoption



  

Lesson 2: Feedback as supervision



  

Lesson 3: Agents learn with us

We stopped teaching models,

we started learning together.



  

Beyond automation



  

System 
reliability

Cognitive 
reliability

Redundancy, 
alerts,
uptime, MTTR

Discoverability,
explainability,
reasoning

Reliability used to mean uptime,

now it means understanding



  

Key takeaways
● Unified tools
● Reasoning loops
● Evaluation culture



  

SRE = Site Reasoning Engineering

New definition



  

Future work



  

Make your expertise addressable

Call to Action



  

Thank you
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